
Dawood &Akbar

1Assistant Professor, Department of Management Sciences,Islamia College Peshawar.
2MPhil Scholar, Department of Management Sciences, Islamia College Peshawar

Copyright (c) 2026 Author(s)
This work is licensed under a Creative Commons Attribution 4.0 International License.

82

82

How to cite this article:

Dawood, I, & Akbar, S. (2023).Strategic Leadership and Organizational Adaptability in the Age of Artificial Intelligence
Pakistan journal of multidisciplinary, 2(1), 82-92.

Strategic Leadership and Organizational Adaptability in the Age of
Artificial Intelligence

1Dr. Iqra Dawood
2Safeer Akbar

Keywords: employee engagement, productivity, engagement tools, workplace
culture, performance management, employee feedback, recognition programs,
organizational outcomes.

Article Details Abstract
Received: 29 Feb 2024
Accepted: 16 March 2024
Published: 30 June 2024

Artificial intelligence (AI) is reshaping how organizations sense change,
make decisions, and reconfigure resources. Yet technology alone does
not make an organization adaptable; leadership choices determine
whether AI investments translate into renewed capabilities or into
scattered pilots. This paper develops a conceptual model linking strategic
leadership to organizational adaptability in the age of AI. Integrating
dynamic capabilities theory, organizational ambidexterity, upper
echelons theory, and recent work on human-AI collaboration, we propose
that strategic leadership influences adaptability through three AI-enabled
dynamic capabilities: sensing, seizing, and transforming. We further
propose that data and governance maturity, learning culture, and
environmental dynamism condition these relationships. The paper
presents a table of constructs, a leadership-role table, a flowchart of the
proposed process, a research design, and implications for practice.
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INTRODUCTON:

Organizations have always had to adapt, but the arrival of general-purpose AI

changes both the pace and the nature of adaptation. Machine learning lowers the

cost of prediction (Agrawal, Gans, & Goldfarb, 2018), and generative systems

extend automation into knowledge work once considered safe from it. Firms that

embed AI into their operating model can learn faster from data, test more options,

and reallocate resources more quickly (Iansiti & Lakhani, 2020).

However, many organizations struggle to turn adoption into advantage. Surveys

and case studies repeatedly show that firms launch isolated pilots but fail to

change decision rights, workflows, and skills at the scale needed (Davenport &

Ronanki, 2018). Research on digital transformation argues that strategy and

leadership, not technology, explain much of this gap (Kane, Palmer, Phillips, Kiron,

& Buckley, 2015; Vial, 2019).

This paper therefore asks three questions:

1. How does strategic leadership shape organizational adaptability when AI

becomes a core capability?

2. Through which mechanisms does leadership convert AI investment into adaptive

capacity?

3. Which organizational and environmental conditions strengthen or weaken these

effects?

2. Theoretical Background

2.1 Strategic leadership and upper echelons

Strategic leadership refers to the ability of top executives to anticipate change,

articulate a direction, align the organization, and empower others to make

strategic change (Hambrick & Mason, 1984; Hitt, Ireland, & Hoskisson). Upper

echelons theory holds that executives' experiences and cognitive frames shape

the strategic choices they notice and pursue. In the AI context, leaders'

understanding of what AI can and cannot do influences whether they treat it as a

cost tool, a product feature, or a basis for redesigning the business.
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2.2 Dynamic capabilities

Dynamic capabilities are the organizational routines by which firms integrate,

build, and reconfigure competences to address rapidly changing environments

(Teece, Pisano, & Shuen, 1997). Teece (2007) disaggregates them into sensing

opportunities and threats, seizing them through investment and business-model

design, and transforming by realigning assets and structures. AI can strengthen

each: analytics widen the sensing range, decision-support tools accelerate seizing,

and automation and platforms enable faster transformation. Leaders remain

responsible for the orchestration that makes these routines coherent.

2.3 Ambidexterity and the exploration-exploitation tension

Adaptable organizations must exploit existing strengths while exploring new

possibilities, a balance known as ambidexterity (O'Reilly & Tushman, 2008). AI

sharpens this tension. Exploitation benefits from predictive optimization of

current processes, while exploration requires experimentation with new models,

data sources, and human-machine work designs. Senior leaders are the

integrating mechanism that allocates attention and resources between the two.

2.4 Human-AI collaboration and decision structures

Raisch and Krakowski (2021) describe an automation-augmentation paradox:

using AI to automate tasks and using it to augment human judgment pull

organizations in different directions, and the two must be managed together.

Shrestha, Ben-Menahem, and von Krogh (2019) show that the right decision

structure (full delegation to algorithms, sequential, or aggregated human-AI

judgment) depends on the problem's specificity, the size of the alternative set,

and the decision speed required. Leaders therefore shape adaptability by

designing who or what decides.

2.5 Learning culture

Adaptation depends on employees' willingness to experiment, report errors, and

challenge model outputs. Psychological safety supports team learning

(Edmondson, 1999) and is likely to determine whether AI feedback is surfaced or

hidden.
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3. Conceptual Model and Propositions

We propose that strategic leadership (the independent variable) builds three AI-

enabled dynamic capabilities, which together produce organizational adaptability

(the outcome). Adaptability, in turn, supports sustained performance. Figure 1

depicts the process, and Table 1 defines the constructs.

leadership-adaptability model · 3 capabilities, 3 moderators

Figure 1. Strategic leadership builds sensing, seizing, and transforming capabilities,

which produce organizational adaptability; data and governance maturity, learning

culture, and environmental dynamismmoderate the links.

P1 (Leadership and AI vision). Strategic leadership that sets a clear AI-linked vision,

builds executive AI literacy, and aligns incentives is positively related to AI-enabled

sensing, seizing, and transforming capabilities.

P2 (Capabilities and adaptability). AI-enabled sensing, seizing, and transforming

capabilities each have a positive relationship with organizational adaptability, with

transforming having the strongest link to realized change.

P3 (Mediation). The relationship between strategic leadership and organizational

adaptability is mediated by the three AI-enabled dynamic capabilities.
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P4 (Data and governance maturity). Data quality, infrastructure, and AI

governance strengthen the link between leadership and AI-enabled capabilities.

Where maturity is low, leadership ambition outruns the organization's ability to

execute.

P5 (Learning culture). Psychological safety and a learning orientation strengthen

the link between AI-enabled capabilities and adaptability by increasing

experimentation and the use of feedback.

P6 (Environmental dynamism). The adaptability payoff of AI-enabled capabilities is

greater in turbulent, fast-changing environments than in stable ones.

P7 (Balance). Leaders who deliberately balance exploration and exploitation, and

automation and augmentation, achieve higher adaptability than leaders who

emphasize one side.

4. Constructs and Their Roles

Construct Role in the model Definition Key source

Strategic leadership Independent

variable

Executive capacity

to set direction,

align resources, and

sponsor change

around AI

Hambrick & Mason

(1984)

AI-enabled sensing Mediator 1 Using data and

models to detect

threats and

opportunities

Teece (2007)

AI-enabled seizing Mediator 2 Using AI to evaluate

options, invest, and

design offerings and

business models

Teece (2007)

AI-enabled

transforming

Mediator 3 Reconfiguring

structures,

processes, and skills

Teece et al. (1997)
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Construct Role in the model Definition Key source

around AI

Organizational

adaptability

Dependent variable Speed and

effectiveness with

which the

organization

changes in response

to its environment

O'Reilly & Tushman

(2008)

Data and

governance maturity

Moderator Quality of data,

infrastructure, risk

controls, and AI

oversight

Iansiti & Lakhani

(2020)

Learning culture Moderator Psychological safety

and willingness to

experiment

Edmondson (1999)

Environmental

dynamism

Moderator Rate and

unpredictability of

market and

technological

change

Teece (2007)

Table 1. Constructs in the leadership-adaptability model.

5. The Strategic Leader's Role Across Capabilities

Leaders influence adaptability not through a single act but through several

distinct roles. Table 2 summarizes how these roles map onto the three capabilities

and what risks arise when they are neglected.

Leadership role What leaders do Capability supported Risk if neglected

Visionary Link AI to strategy

and communicate

priorities

Seizing Disconnected pilots

with no business

case
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Leadership role What leaders do Capability supported Risk if neglected

Learner Build personal and

executive-team AI

literacy

Sensing Over- or under-

estimating what AI

can do

Architect Redesign decision

rights, workflows,

and structures

Transforming Technology bolted

onto unchanged

processes

Steward Set data, ethics, and

risk governance

All three Bias, compliance

failures, and loss of

trust

Coach Develop skills and

protect

psychological safety

Transforming Fear, resistance, and

hidden errors

Balancer Allocate attention

between

exploration and

exploitation

Seizing and

transforming

Short-term

optimization that

erodes future

options

Table 2. Leadership roles, supported capabilities, and neglect risks.

6. Proposed Research Design

Sample and design. A multi-industry survey of senior executives and middle

managers in organizations that have invested in AI, with matched archival data on

performance and change outcomes. A two-wave design, separated by about six

to twelve months, reduces common-method bias and supports temporal ordering.

Measures. Strategic leadership: validated top-management scales adapted to AI

sponsorship and literacy. AI-enabled capabilities: sensing, seizing, and

transforming scales adapted from the dynamic capabilities literature.

Organizational adaptability: perceived and observed speed of change, such as

time to launch new offerings or redeploy resources. Moderators: data-

governance maturity index, psychological safety scale, and an environmental

dynamism measure.
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Analysis. Structural equation modeling to test mediation (P1-P3); moderated

mediation with bootstrapped confidence intervals (P4-P6); polynomial or profile

analysis to test balance effects (P7). Researchers should control for firm size, age,

industry, and prior digital maturity.

Complementary designs. Comparative case studies of firms with similar AI

investment but different adaptability outcomes can reveal the leadership

practices that survey scales miss.

Proposition Relationship tested Method Expected result

P1 Leadership to AI-

enabled capabilities

Structural equation

modeling

Positive

relationships

P2 Capabilities to

adaptability

Structural equation

modeling

Positive, strongest

for transforming

P3 Leadership to

adaptability via

capabilities

Mediation with

bootstrapped CIs

Significant indirect

effect

P4 Data and

governance maturity

as moderator

Moderated

mediation

Stronger leadership-

capability link at high

maturity

P5 Learning culture as

moderator

Moderated

mediation

Stronger capability-

adaptability link

P6 Environmental

dynamism as

moderator

Moderated

regression

Larger payoff in

turbulent

environments

P7 Balance of

exploration and

exploitation

Profile or polynomial

analysis

Balanced profiles

outperform lopsided

ones

Table 3. Testing plan for the propositions.
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7. Discussion

7.1 Theoretical contributions

First, the model positions leadership as the mechanism through which AI becomes

an organizational capability rather than a tool, connecting upper echelons and

dynamic capabilities research. Second, it separates sensing, seizing, and

transforming, showing that AI may strengthen some faster than others and that

leadership must close the gaps. Third, it identifies governance maturity and

learning culture as boundary conditions that explain why similar investments yield

different outcomes.

7.2 Practical implications

• Make AI a strategy question, not an IT project. Tie each initiative to a specific

adaptive goal and an accountable executive.

• Invest in executive literacy. Leaders do not need to build models, but they need

enough understanding to challenge assumptions and judge risk.

• Redesign decisions, not only tools. Decide which choices are automated, which

are augmented, and which stay with humans.

• Build governance early. Clear data, ethics, and accountability rules enable faster

scaling later.

• Protect learning. Reward experimentation and make it safe to report model

failures.

7.3 Limitations and future research

This paper is conceptual and the propositions need empirical testing. Future work

should examine how leadership operates in different sectors and regulatory

settings, how boards and executive teams share responsibility for AI, the effects

of rapid generative AI adoption on middle-management roles, and whether

adaptability gains persist or erode as competitors adopt similar tools. Longitudinal

studies can also test whether leadership shapes capabilities or whether early

capability successes in turn shape leaders' beliefs.
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8. Conclusion

AI offers organizations powerful new means of sensing, deciding, and changing,

but these means become adaptability only when leaders connect them to

strategy, redesign how work and decisions flow, and sustain a culture of learning.

Organizations that treat AI as a leadership agenda rather than a technology

purchase are best placed to adapt as the environment keeps shifting.
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